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An Accurate Cryptocurrency Price Forecasting using Reverse
Walk-Forward Validation
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ABSTRACT

The size of the cryptocurrency market is growing. For example, market capitalization of bitcoin exceeded 500 frilion won. Accordingly,
many sfudies have been conducted to predict the price of cryptocurency, and most of them have similar methodology of predicting stfock
prices. However, unlike stock price predictions, machine learning become best model in cryptocurrency price predictions, conceptually
cryptocurrency has no passive income from ownership, and stdtistically, cryptocurrency has at least three times higher liquidity than stocks.
Thats why we argue that a methodology different from stock price prediction should be applied to cryptocurrency price prediction studies.
We propose Reverse Walk-forward Validation (RWFV), which modifies Walk-forward Validation (WFV). Unlike WFV, RWFV meaosures accuracy
for Validation by pinning the Validation dataset directly in front of the Test dataset in time series, and gradually increasing the size of the
Training dataset in front of it in fime series. Train data were cut according to the size of the Train dafaset with the highest accuracy among
all measured Vdlidation accuracy, and then combined with Validation data to measure the accuracy of the Test data. Logistic regression
analysis and Support Vector Machine (SVM) were used as the analysis model, and various algorithms and parameters such as L1, L2, rof,
and poly were applied for the reliability of our proposed RWFV. As a result, it was confirmed that all analysis models showed improved
accuracy compared fo existing studies, and on average, the accuracy increased by 1.23%p. This is a significant improvement in accuracy,
given that most of the accuracy of cryptocurrency price prediction remains between 50% and 60% through previous studies.
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(Table 2) Related works of stock price prediction
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2.3 Walk-forward Validation
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(Table 3) The Daily trading volume, market capitalization and ratio of daily trading volume per
market cap on cryptocurrency, the Korean stock market(KOSPI), and the U.S. stock

market(NASDAQ) exchanges.
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3. Method

3.1 Reverse walk-forward validation
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4.4.2 Support Vector Machine(SVM)
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