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ABSTRACT

In this paper, an improved community detfection algorithm based on the modularity is proposed. The existing algorithm does not
consider the information that the nodes have in checking the possible modularity increase, hence the computation may be inefficient.
The proposed dalgorithm computes the node degree (weight) and sorts them in non-increasing order. By checking the possible
modularity value increase for the nodes in the nonincreasing order of node weights, the algorithm finds the final solution more quickly
than the existing algorithm does. Through the computational experiments, it is shown that the proposed algorithm finds a modularity

as good as the existing algorithm obtains.
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input graph data;
compute newQ;
do while{
for each node, compute tot value;
Quick Sort(tot values);
//tOt (nl]) = tot (nl) = ... = tot (nnumofnodus - l)

for(i=0;i <number of nodesyi++)

for(j=0;5 <number of ni's neighbor;j++)
{
n, and neighbor n, (= j) grouped;
calculated new@;

%’{f(ner > before Q)
Q=new@;

keep current community group;

else
go back previous communilty group;
}
}
update community graph;
HQ—before@Q>threshold)

/[threshold is 0.000001.
show result;
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